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Abstract

Several studies in the literature have proposed the use of artificial intelligence (AI) tools to manage big data and 
further enhance collaboration between researchers on open science platforms, hence promoting the culture of 
safely sharing reliable data. Moreover, some other studies further proposed the use of blockchain technology to 
secure data, provide transparency in data analysis, and also keep track of all collaborations within open science 
platforms. Despite the importance of AI and blockchain technology in open science platforms, no study, to the 
best of our knowledge, has implemented and discussed the benefits of using both technologies together or how 
blockchain can enhance AI systems in open science. Therefore, to address this research gap, this study presents a 
newly developed open science platform that harnesses the power of AI and blockchain technologies to promote 
and foster a culture of sharing and seamless collaboration among universities worldwide. This platform was 
then validated through focus group analysis from the European University for Customised Education (EUNICE) 
partners, which is the project context of this present study. The findings revealed that the use of AI and 
blockchain enabled researchers and institutions to share open science more effectively. Specifically, the use 
of AI features in Open REUNICE enhanced data management processes, particularly by improving metadata 
accuracy, searchability and reusability, thereby addressing critical needs in research workflows. Additionally, 
the use of Blockchain was found to play a critical role in addressing legal challenges and enhancing user trust.
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I.	 Introduction

OPEN science is a movement that aims to make scientific research 
and data accessible to everyone, regardless of their background 

or affiliation. It involves the sharing of research data, software, and 
methods, as well as the promotion of transparency and collaboration 
in scientific research [1]. It has gained significant momentum in recent 
years as a powerful approach to enhance the quality, efficiency, and 
impact of scientific research. Consequently, numerous universities 
worldwide have incorporated open science into their strategic plans to 
elevate the quality and influence of their research efforts [2]. The open 
sharing of knowledge has thus become central to the academic process. 
However, fostering a culture of data sharing requires cooperation 
between data generators and data users. Moreover, effective sharing 
requires the establishment of protocols to maintain a comprehensive 
data history and address the concerns of data generators regarding 
recognition for their rigorous work, such as authorship attribution [3]. 

Thus, the provision of an effective open science infrastructure, capable 
of addressing these concerns comprehensively, is paramount. 

A review on open science conducted by Leible et al. [4] identified a 
list of specific requirements that should be fulfilled in any open science 
infrastructure, namely: a collaborative environment, open data, open 
access, no censorship, identity and reputation management, and an 
extensive system. Integrating these elements is crucial for building an 
effective and sustainable open science framework that supports and 
enhances the collaborative nature of modern scientific research.

On the other hand, several challenges related to the implementation 
of open science practices have been identified in the literature. For 
instance, open science generates a large volume of data from various 
stakeholders, including researchers, non-academic actors, and citizens, 
leading to potential issues with data duplication and the validity of 
published data. According to Fecher and Friesike [5], managing 
the quality and trustworthiness of open data remains a significant 
challenge. Similarly, Borgman [6] highlights the complexities involved 
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in curating and validating the vast amounts of data produced in 
open science initiatives. Additionally, the involvement of multiple 
stakeholders can complicate the data curation process, as discussed by 
Tenopir et al. [7], who emphasize the need for robust data management 
practices to ensure the reliability of open science outputs. 

Furthermore, several data sharing problems have been identified in 
the literature, specifically regarding the sharing of personal data, such 
as medical information and personality-related data [8]. One of the 
main objectives of open science is to improve collaboration between 
academic and non-academic stakeholders; however, there is often a 
lack of traceability regarding the contributions of collaborators [3]. 
This challenge of traceability is also identified for data analysis, where 
ensuring the accuracy and provenance of data remains a significant 
concern. 

To improve open science practices, several studies in the literature 
highlighted the potential of AI and blockchain technologies. For 
instance, AI can make science more open and accessible by improving 
data management and facilitating more efficient research workflows 
[9]. Specifically, AI can be used to analyse large datasets, predict 
outcomes, identify patterns, and automate repetitive tasks. AI can 
facilitate interdisciplinary collaborations between scientists from 
different fields, leading to novel insights and discoveries that would 
otherwise have been difficult to achieve. Furthermore, generative AI 
using large language models (LLM) can help scientists generate new 
research questions and hypotheses [10].

Blockchain, on the other hand, was proposed to track the traceability 
of researchers’ contributions in collaborative projects, thereby ensuring 
transparency and accountability [11]. Blockchain was also proposed to 
overcome AI related challenges, such as interpretability issues in AI 
models [12]. However, despite the importance of blockchain and AI, no 
study, to the best of our knowledge, has implemented and discussed the 
benefits of combining these two technologies in one online platform, 
including open science platforms [13]. Accordingly, it is hypothesised 
that the combination of AI and blockchain would enable researchers 
and institutions to share open science more effectively. To investigate 
this hypothesis, the present study presents a newly developed open 
science platform, namely OPEN REUNICE, that harnesses the power 
of AI and blockchain technologies to promote and foster a culture of 
sharing and seamless collaboration among researchers. Specifically, 
this study aims to answer the following research questions (RQs):

RQ1. How users perceive the developed features in the OPEN 
REUNICE platform?

RQ2. How can the OPEN REUNICE platform address open science 
challenges, such as data management issues and legal obstacles 
in the literature?

The rest of the paper is organized as follows. Section II discusses 
the background of open science and its limitations, AI and blockchain 
technology. Section III presents the description of the implemented 
open science platform. Section IV presents the methodology of the 
study. Section V presents and discusses the results. Finally, section VI 
concludes the paper.

II.	 Literature Review

A.	Open Science
 Four categories of activities that rely on open science were 

proposed by the United Nations Educational, Scientific and Cultural 
Organization (UNESCO) [1], namely: (1) open science knowledge, 
which refers to open access to scientific publications, open research 
data, open educational resources, open source software and source 
code, and hardware that are available in the public domain or under 

copyright and licensed under an open license; (2) open science 
infrastructures which refers to virtual and physical infrastructures 
used for sharing data, collaboration and digital research services; (3) 
open engagement of societal actors refers to extended collaboration 
between scientists and members of the public outside of the 
scientific community by applying citizen and participatory science, 
crowdsourcing, crowdfunding, and scientific volunteering; and, (4) 
open dialogue with other knowledge systems, which refers to the 
dialogue between different knowledge holders, such as indigenous 
peoples, marginalised scholars, local communities. Each of these 
categories focuses on a different aspect of open science, with the goal 
of promoting the values of openness, transparency, and collaboration 
in scientific research. Open science is increasingly associated with 
FAIR (Findable, Accessible, Interoperable, and Reusable) principles to 
ensure that science resources have the necessary metadata to make 
them findable, accessible, interoperable, and reusable [14].

Several problems related to the implementation of open science, 
specifically with data sharing were identified in the literature. For 
instance, Zhou [15] found that Lack of trust, lack of a conducive 
knowledge sharing culture, Lack of strong knowledge sharing 
leadership, and cultural affinity for autonomy are from the main 
obstacles of data sharing. Zuiderwijk et al. [16] argued that an online 
infrastructure to support the provision and use of open data must 
include specific features, which can be categorized as follows: (1) 
Data Provision which includes the acquisition of data and metadata, 
along with their validation and enhancement; (2) Data Retrieval and 
Use which includes the display of data and its retrieval through query 
mechanisms; (3) Data Linking which refers to the establishment of 
connections between datasets using metadata, which can be done 
automatically or manually; (4) User Rating which refers to rating 
users’ contributions on the platform as well as their publications; 
and, (5) User Cooperation which refers to understanding users’ 
preferences, responsibilities, and behaviours. Specifically, some of 
these features can be achieved using AI, such as data linking to find 
similar works and user cooperation to understand users’ behaviours 
[17]. Consequently, the subsequent section will discuss how AI can be 
leveraged to overcome certain limitations of open science, enhancing 
collaboration and data integration.

B.	Artificial Intelligence
AI was broadly described by Baker and Smith [18] as “computers 

which perform cognitive tasks, usually associated with human minds, 
particularly learning and problem-solving” (p.10). According to this 
definition, AI encompasses a wide range of tools and techniques, 
including machine learning, data mining, neural networks, natural 
language processing (NLP), and numerous algorithms.

AI plays a pivotal role in revolutionizing open science by offering 
innovative solutions to address the challenges associated with data 
management, analysis, and collaboration. Notably, machine learning 
tools, data visualization, and intelligent decision-making are among 
the most commonly used AI techniques in open science [19]. For 
instance, machine learning algorithms have been instrumental in 
automating data processing tasks, enabling researchers to sift through 
vast datasets efficiently. Moreover, AI-driven tools contribute to 
enhancing reproducibility by automating experimental workflows and 
aiding in the validation of scientific findings [20]. The utilization of AI 
fosters greater transparency and accessibility, allowing researchers to 
share data, methodologies, and results seamlessly. Gundersen et al. [20] 
also claimed that the use of AI to generate sufficient documentation 
for publications, such as basic metadata (title, abstract, keywords, 
etc.) and digital object identifier (DOI) or URL to ensure permanent 
accessibility, can facilitate reproducibility in research. Similarly, Patra 
et al. [17] found that AI can help in generating accurate metadata, 
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which enhances the effectiveness of dataset recommendations in open 
science platform. A study by Olivetti et al. [21] explores the application 
of NLP in scientific literature demonstrating how AI tools can facilitate 
the extraction and synthesis of information from a vast corpus of 
scholarly articles, further promoting open access to knowledge. 
Furthermore, Bail [22] discussed the use of generative AI to identify 
novel research questions, since it was capable of providing a broad 
perspective on many different scientific fields. These advancements 
underscore the transformative impact of AI on open science, paving 
the way for collaborative and data-driven research practices.

The integration of AI into open science, while promising, confronts 
a range of challenges as discussed in the existing literature. For 
instance, ethical considerations regarding the responsible use of 
AI, particularly in handling sensitive data, were highlighted by 
Mittelstadt et al. [23] who emphasize the importance of addressing 
ethical concerns to maintain trust in AI applications. Interpretability 
issues in AI models, commonly referred to as the “black-box” problem, 
are articulated by many researchers, underscoring the need for 
transparent and explainable AI systems in open science [24] [25] 
[26]. Interoperability challenges are discussed by Mons et al. [27], 
emphasizing the necessity for standardized data formats and tools to 
facilitate seamless collaboration across diverse research environments. 
The demand for substantial computational resources and expertise is 
acknowledged by Amodei et al. [28], indicating potential barriers to 
the widespread adoption of AI in open science. Furthermore, security 
attacks on data and learning algorithms in AI based open science 
platforms were highlighted by Shinde et al. [29]. In order to overcome 
the identified AI challenges, several studies in the literature proposed 
the use of blockchain technology. The next subsequent section 
presents the blockchain technology and its benefits and challenges.

C.	Blockchain
Blockchain is a secured distributed ledger technology that ensures 

the security and reliability of transactions by providing a digital record 
of every transaction that has ever taken place on the network [30] [11].  
Blockchain organizes its data into blocks that are cryptographically 
and chronologically linked together. Additionally, it utilizes various 
consensus mechanisms and smart contracts [31].

Blockchain has the potential to offer numerous benefits across 
different fields and applications due to its inherent characteristics, 
namely decentralization, transparency, immutability, better security, 
anonymity, cost reduction, and autonomy [24]. In the context 
of open science, Leible et al. [4] demonstrated that blockchain 
technology serves as a suitable infrastructure for open science, as the 
characteristics of blockchain align well with the requirements of open 
science. For instance, blockchain technology can be used to address 
reproducibility of findings in published articles and experiments issues 
[32]. The immutability, append-only functionality, and a transparent 
log of all transactions inherent in blockchain can offer visibility to 
all users, ensuring transparency across every step within a system. 
Additionally, the decentralization empowers researchers to construct 
their individual open ecosystem for research data, metadata, and 
communication, aligning with the principles of open science. 

Furthermore, blockchain technology has the potential to tackle 
trust issues related to malicious conduct in peer-review procedures 
[33], deficiencies in study design quality and redundancy [34], 
as well as limitations on open access to scientific publications. 
Additionally, the decentralized characteristics of blockchain 
enable the enhancement of trust in studies and collaborations 
within intricate scientific projects. Blockchain technology enables 
either specific groups or the entire network to collectively make 
decisions regarding projects through regular voting processes, 
which may adhere to democratic principles, as exemplified by 

Osgood [35]. The inherent characteristic of immutability (tamper-
proof) in blockchain technology perfectly meets the necessity to 
prevent any form of censorship in open science. In particular, the 
combination of cryptographic hashing, a consensus mechanism, and 
decentralization guarantee the immutability of a blockchain. In the 
context of projects in open science, blockchain can also safeguard 
intellectual property rights. For instance, it can issue ownership 
certifications for digital assets stored in a hashed form on the Bitcoin 
blockchain, as demonstrated in the Bernstein application [36].

Blockchain distinguishes itself from other decentralized systems 
through its remarkable technical framework, enabling its adaptation 
to a diverse range of applications. For instance, developers can 
tailor blockchains to accommodate either open or private access, 
incorporating individual governance models based on their specific 
objectives. Beyond the technical aspect, cryptocurrencies offer distinct 
opportunities, such as the creation of unique business models and 
incentives for users or entire communities.

Blockchain can enforce immutability and non-repudiation for 
information stored on it. Regulation and personal humility often stand 
in the way of this sharing. Blockchain offers new and novel ways to 
share data securely with only the providers or researchers who are 
supposed to receive it. For instance, Yates [37] found that the use of the 
unique identifier generated by the blockchain for private or sensitive 
data, like medical data, can enhance data security as only the provider 
and the receiver can see the document. Tlili et al. [38] highlighted the 
importance of using blockchain to protect data sharing in open science, 
specifically when generating new Open Educational Resources.

The next section presents the Open REUNICE platform, which 
harnesses the power of AI and blockchain technologies.

III.	Implementation

An innovative open science platform, Open REUNICE (Open 
research within EUNICE), was developed (http://reunice4u.
com/). Open REUNICE harnesses the power of AI and blockchain 
technologies to foster seamless collaboration among EUNICE 
partners. Its goal is to establish an environment where researchers 
can effortlessly connect, share knowledge, and engage in meaningful 
collaborations. Particularly, 10 universities and 31626 researchers 
have joined the platform, where 234028 publications and 26 projects 
were added, accordingly. This platform met the requirements of the 
EUNICE alliance. Specifically, the project team organized weekly 
meetings and followed these steps: (1) study of the current situation of 
open science in the university’s alliance; (2) specification of the needs 
and discussion of the open science problems faced in the alliance; (3) 
study of feasible and non-feasible functionalities; (4) conception of the 
project using different diagrams in Unified Modeling Languages; (5) 
discussion of the design of functionalities between team members; and 
finally (6) implementation.

To promote a culture of scientific data sharing, this platform 
was established based on the FAIR principles of open science [39]. 
Additionally, it seeks to unify the efforts of all universities within the 
alliance by aligning their open science strategies and implementing a 
shared platform, fostering collaboration and ensuring mutual benefit.

Based on the analysis of each researcher’s profile on the platform, 
Open REUNICE provides personalized libraries, containing their 
own publications as well as pertinent research works from their field 
of expertise. This feature not only streamlines access to relevant 
information but also encourages interdisciplinary exploration and 
the discovery of novel research avenues within the alliance. In this 
context, AI was implemented to provide more accurate resources on 
the platform. For instance, natural language processing (NLP) was 
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used to automatically extract keywords from each uploaded resource, 
analyze them with the research interests of each registered researcher, 
and finally suggest these resources to those researchers who might 
be interested in them. Such process helps to build and maintain a 
research community within Open REUNICE, where researchers could 
discuss and collaborate on common research topics. Additionally, 
Blockchain was further used to provide more security and promote 
the culture of sharing through Open REUNICE. For instance, it gives 
an identifier for each project, thereby, protecting its intellectual 
property rights and keeping track of all the updates of contributors. 
Specifically, the interaction between AI and blockchain on this 
platform was primarily focused on data management. Blockchain 
was employed to securely handle and manage the large volumes of 
data required for training AI models, addressing critical concerns 
related to data integrity and security [40]. By leveraging blockchain 
technology, the platform ensures transparent and traceable records of 
research processes, including AI workflows, data sharing activities, 
and collaborative efforts. This synergy enhances trust, reproducibility, 
and accountability in research, aligning with growing calls for more 
robust frameworks in AI-driven applications [41].

Fig. 1 presents the architecture of Open REUNICE. The system’s 
workflow is color-coded to highlight its key components and processes. 
Specifically, the red lines represent the process of data collection from 
various databases and the community-building activities described in 
detail below. The blue lines depict the analysis process of researchers’ 
publications and projects using AI techniques. Data collected about 
researchers are stored in the system database, while the outputs 
of AI-driven analysis—such as extracted keywords and identified 
research communities—are securely stored on the blockchain to 
ensure data integrity and security. Finally, the green lines illustrate the 
safeguarding process for projects. Specifically, all projects are stored 
on the blockchain system to protect researchers’ intellectual property 
rights and to maintain a transparent record of all contributor updates 
and changes.
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Fig. 1.  Open REUNICE platform architecture. 

The development process of Open REUNICE was divided into the 
following four key sequential steps.

A.	Data Collection
Open REUNICE uses an application programming interface 

(API) to extract data about researchers and their publications from 
ResearchGate, establishing a primary database sourced from research 
websites. Currently, the platform extracts data from ResearchGate, 

with plans to expand its connectivity to other research databases 
for further information updates in the future (Other APIs can also 
be added to retrieve more complete representation of researcher’s 
publication history). Specifically, for legal concerns, we consider 
collecting metadata about publications from ResearchGate and provide 
links back to the original ResearchGate pages.

Fig. 2 shows the Open REUNICE dashboard of the data collected, 
illustrating the total number of researchers added to the platform, 
the contributions made by participants, and the most frequently 
addressed research topics, from an administrator view point. This 
comprehensive overview highlights the platform’s growth, user 
engagement, and research focus areas, offering valuable insights into 
the active involvement of the research community and the trending 
topics within the platform.

Fig. 2.  Screenshot of the dashboard. 

B.	Building Scientific Community
The researchers’ database was constructed based on the collected 

data from the first step. Specifically, we incorporated information 
about researchers (university, department, research interests, and 
publications) into Open REUNICE to create their profiles. Once 
they join, researchers can update their information and add more 
publications or projects that they want to share with others. To prevent 
confusion caused by identical names, researchers’ unique identifiers, 
specifically their open researcher and contributor ID (ORCID), is 
included in their profiles. The identification of a researcher’s ORCID 
can be done automatically using their email, or manually by the 
researcher. All collected data about researchers and their research were 
used by AI to improve collaborations on the platform, as discussed in 
the next section.

C.	Use of AI to Enhance Collaborations and Create Connections
To promote the culture of sharing among researchers from various 

universities, Open REUNICE relies on AI techniques, specifically NLP, 
to analyze extensive publication datasets, extracting valuable insights 
to enhance research quality and discover new patterns and correlations 
in research trends and methodologies. Given the diverse document 
types that can be published on the platform, such as research data, 
scientific articles, and projects, NLP was used to analyze both titles 
and full texts of researchers’ publications, extracting specific research 
keywords based on publication content (see Fig. 3). The employed 
technique relies on the frequency of word occurrences in the text. To 
do so, the YAKE library (Yet Another Keyword Extractor) has been 
chosen after several tests. YAKE has been recognized in the literature 
for its efficiency in unsupervised keyword extraction by leveraging 
statistical text features, such as term frequency, position in the text, 
and co-occurrence metrics, to identify significant terms without 
relying on external corpora [42]. The text analysis allows extracting 
accurate metadata, identifying similarities between publications 
using these keywords, and categorizing them based on research 
interests. Specifically, for similarity detection, this platform employs 
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the Generative Pre-Trained Transformer (GPT-3.5-turbo) model as 
a pilot test. This model offers a compelling balance of performance 
and efficiency, aligning with findings in the literature that emphasize 
the capability of large language models to deliver high accuracy in 
semantic similarity tasks [43]. Furthermore, GPT-3.5-turbo is designed 
to be computationally optimized, resulting in lower operational costs 
and reduced environmental impact compared to earlier iterations of 
similar models [44].

Furthermore, an AI-based notification system was implemented to 
inform researchers about new publications and projects on the platform 
that align with their identified research interests. This system generates 
automatic recommendations for potential project collaborations. 
Specifically, if the extracted key words of the new publications and 
projects match with the keywords of the researcher’s publication, a 
notification will be sent to the researcher. AI was also used to suggest 
the creation of communities based on matching research interests. 
This allows creating communities and inviting researchers working 
on similar topics to join, fostering collaboration and enhancing the 
overall research environment. This approach not only streamlines the 
discovery and retrieval of relevant research content but also promotes 
a more connected and collaborative research community.

Fig. 3.  Screenshots of keyword extraction using NLP.

D.	Use of Blockchain to Secure Research Projects Management
To protect intellectual property rights associated with published 

projects, new ideas, and research data, Open REUNICE was built 
based on a private Ethereum blockchain. Specifically, it was built 
using Geth to establish a private network, ensuring the security of all 
shared data and copyright. In this context, blockchain technology was 
utilized to issue ownership certificates (in the form of cryptographic 
hashes) for each project or idea, ensuring secure and verifiable 
proof of ownership. Fig. 4 presents an example of a project with 
blockchain reference highlighted in yellow. Blockchain can safeguard 
researchers’ work, ensuring proper attribution and protection 
against unauthorized use. In addition, each update in the idea by the 
creator or other contributors is saved in the blockchain to keep track 
regarding each update (what have been changed). Furthermore, to 
enhance collaboration, we implemented secure smart contracts on the 
blockchain to automate and enforce agreements and collaborations 
about projects among researchers. This reduces administrative 
overhead and ensures transparent and trustful collaboration. OPEN 
REUNICE also provides a workspace below the project description 
where users can leave comments and engage in discussions about 
the ideas and tasks. Collaborating on projects in a blockchain-
based platform allows ensuring the verifiability and persistence of 
researchers’ contributions.

Fig. 4.  Screenshot of a project space with blockchain reference highlighted 
in yellow. 

IV.	Method

A.	Participants and Procedure
Three focus groups with 54 participants were run between 4 June 

and 25 August 2024 to validate the implemented platform. The first 
focus group was online with 10 participants, where each participant 
is a representative from each university of the Alliance. The second 
focus group with 38 participants, including the 10 participants who 
assisted in the first focus group, was face to face during the general 
assembly of the project and it was more open to other researchers 
from the Alliance. The last focus group was with a sample of 16 active 
researchers who have used OPEN REUNICE to add their research 
work and establish various research discussions and collaborations 
on the platform. Participants were all adults and living or working 
in European universities. Table I presents the demographic details of 
participants.

The experiment started with a short presentation of the platform, 
during which we demonstrated all its functionalities. After that, the 
first focus group spent around 60 minutes trying and discussing 
the platform using Zoom, while the second and third focus groups 
spent around 120 minutes doing the same face-to-face. Even after 
the controlled experiment concluded, some participants continued to 
actively use the platform and shared their valuable feedback via email.

 TABLE I. Demographic Details of Participants

Characteristics N (%)

Gender
Male 18 (33)

Female 36 (67)

Age
25-35 29 (54)
35-55 25 (46)

Ethnicity
White-Europe 48 (89)

White-any other white background 6 (11)

Occupational 
classification

Researcher 38 (70)
Administrative occupation 16 (30)

B.	Data Collection and Analysis
For data collection, a focus group discussion was conducted, which 

is a systematic process of collecting data and information on a very 
specific problem using structured, semi-structured, or unstructured 
interviews through group discussions [45] [46]. A set of questions 
was used to facilitate the focus group discussion: (1) “How effectively 
does the platform support your research or assist you in finding 
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collaborators working on similar research topics?”, (2) “Which features 
of the platform did you find most useful for your work?”, (3) “To what 
extent do you trust the platform for sharing your innovative ideas and 
projects?”, and (4) “What improvements or additional features would 
you like to see on the platform?”. Specifically, for the online focus 
group, the session was recorded and transcribed to identify a coding 
scheme for analyzing focus group interactions, developed by two 
researchers. After that, collected data was analyzed and coded using 
this scheme. The coding scheme was further discussed and developed 
with other researchers during face-to-face research group meetings. 
The identified codes were refined to answer the aforementioned 
research questions.

To evaluate the EUNICE community’s readiness, we analyzed 
their attitudes, infrastructure, training, and constraints. The results 
indicated that EUNICE community has large experience with open 
science knowledge practices, such as open data and open access, as 
well as they have all used open science infrastructures, specifically 
their institutional repositories [39].

V.	 Results and Discussion

This section presents the results based on the two research 
questions presented in section I. Specifically, the discussion of the 
results was based on the benefits of using AI and blockchain in 
open science platform since no study, to the best of our knowledge, 
has implemented and discussed the benefits of combining these two 
technologies in one online platform.

A.	RQ1: How Users Perceive the Developed Features in the OPEN 
EUNICE Platform?

The results showed that overall the participants have positive 
perceptions toward the implemented features in Open REUNICE. 
Specifically, the results showed that most of the participants found that 
all the functionalities are clear, especially researchers. However, some 
of them highlighted some difficulties in using the platform, specifically 
in understanding the AI related functionalities. This can be explained 
by the lack of experience with AI-based open science frameworks, 
such as semantic scholar, and knowledge in AI technology as many 
participants are not familiar with computer science and have not 
received adequate prior training in advance. In this context, several 
studies stressed the importance of AI literacy for a better use of AI 
powered technologies [47]. Therefore, it is crucial to provide more 
training on cutting edge technologies to develop the skills of EUNICE 
university stakeholders in using Open REUNICE. This strategy aligns 
with the European Open Science Cloud’s (EOSC) comprehensive skills 
and education strategy, which includes a focus on artificial intelligence 
[48]. The European Commission’s report on digital skills for open 
science also highlighted the importance of aligning skills with the new 
Digital Skills Europe objectives. Specifically, the report emphasized 
that digital skills for FAIR and open science are key enablers for 
implementing the new European Research Area [48].

Many participants also noted that the use of blockchain technology 
within the platform was highly beneficial for securely sharing their 
publications with researchers from other European universities. 
Additionally, they found it valuable for gaining a comprehensive 
overview of researchers working on similar topics, their publications, 
and relevant calls for projects. This enhanced connectivity and 
transparency not only facilitated collaboration but also fostered a sense 
of trust and engagement within the research community. Participants 
emphasized that the platform has the potential to significantly 
increase the visibility and impact of their publications by sharing them 
with a wider network of European researchers. Furthermore, it offers 
opportunities to collaborate and build communities centered around 

specific topics of interest. This aligns with the findings of Davis et al. 
[49], who stated that researchers’ perceptions of the value offered by 
a platform’s services play a critical role in shaping their intention to 
continue using it in the future.

The integration of AI and blockchain features in Open REUNICE 
encouraged research participants to use it more than one time 
for sharing their publications. They even indicated an interest in 
integrating it into their daily activities due to the platform’s social 
features. Users can communicate with others via instant messages, 
build their own network of friends, view the latest publications from 
researchers, and use the collaborative workspace to discuss ideas and 
projects. This result is consistent with the objective of the previous 
study of Davis et al. [49], which advocate for changing the perception 
of open science platforms from simple archives to dynamic online 
homes for materials and collaboration. In this context, the authors 
claimed that changing the culture of sharing is seen as dependent on 
changing our view of open science platforms.

B.	RQ2: How Can the OPEN REUNICE Platform Address Open 
Science Challenges, Such as Data Management Issues and Legal 
Obstacles in the Literature?

One of the primary challenges in open science lies in effective 
data management and navigating legal issues. This research question 
explores how Open REUNICE can address these critical challenges, 
offering potential solutions to enhance the accessibility, security, and 
compliance of research data within the open science framework.

Results revealed that many participants emphasized the effective 
use of Open REUNICE in addressing common challenges related 
to data management, particularly in terms of data findability and 
reproducibility. For instance, participants appreciated the use of 
NLP techniques for automatic metadata generation, especially for 
extracting research keywords directly from publication content. They 
noted that this approach could produce more accurate metadata, 
thereby enabling more efficient searches on the platform.

Participants also highlighted that the platform accommodates 
diverse publication types, including research datasets, scientific 
articles, and project descriptions, which often have varying structures. 
This variability can make manual metadata generation challenging. 
Consequently, many participants valued the platform’s AI capabilities 
for automatically generating metadata based on the content of these 
documents.

A previous study by Patra et al. [17] also highlighted the 
challenges of generating automatic metadata for documents with 
varying structures. To address this issue, they proposed utilizing 
NLP techniques to generate metadata based on the title and text of 
the documents. In this context, the literature emphasizes that poor 
metadata significantly hinders resource retrieval [50].  Furthermore, 
Leipzig et al. [51] claimed that the generated metadata can affect data 
reproducibility which can accelerate evaluation and reuse. Another 
study about Open Educational Resources (OER) found also that the 
use of AI and NLP techniques can greatly enhance the findability of 
OER by providing rich and accurate metadata [52].

Additionally, the generated keywords for publications can be 
generalized and added to a researcher’s academic interests, which 
would aid in creating research communities based on shared interests 
and provide recommendations based on previous publications. This 
approach allows researchers to be represented by a set of interests 
rather than their entire body of work. Many participants believe 
that such a recommender system could significantly enhance their 
productivity and expedite further research. In this context, some 
participants claimed that the proposed research communities for 
them match with their interests and they were so helpful to discover 
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the European network of a specific topic. A similar study by Patra 
et al. [17] developed a recommender system based on automatically 
generated metadata and found that such a system can significantly 
improve the reusability of datasets in the biomedical domain. These 
results align with the general consensus that metadata are crucial in 
supporting the FAIR principles (Findable, Accessible, Interoperable, 
Reusable), as demonstrated by the FAIR sharing project [51]. These 
findings confirm that the integrated AI features in Open REUNICE 
play a significant role in enhancing data management processes, 
particularly by improving metadata accuracy, searchability and 
reusability, thereby addressing critical needs in research workflows.

Regarding the second open science-related challenge that the Open 
REUNICE can address, the participants expressed that they often 
face legal challenges when sharing their data, including concerns 
about copyright infringement and misuse of intellectual property. 
Blockchain technology can partially solve these issues by providing 
a secure, transparent, and tamper-proof record of all transactions. For 
instance, the platform can timestamp and securely store records of 
intellectual property, ensuring that authorship and contributions are 
indisputable [53]. Therefore, the participants have indicated that their 
trust level in sharing their research and data has increased, leading 
to a more inclusive approach of embracing the culture of sharing. 
As a result, they expressed their readiness to publish their projects 
and ideas on the Open REUNICE due to the intellectual property 
protection offered by blockchain. This is consistent with findings 
in the literature where blockchain has been shown to significantly 
enhance trust and transparency in collaborative environments [54]. 
By securing intellectual property rights, blockchain reduces the fear of 
idea theft and promotes a more collaborative atmosphere. Researchers 
are more likely to engage with their peers, share innovative ideas, and 
build upon each other’s work.

Overall, these results confirm that the integration of blockchain 
technology in Open REUNICE plays a critical role in addressing legal 
challenges and enhancing user trust. This, in turn, facilitates greater 
engagement with the platform and supports the broader goals of 
open science. In addition to the open science challenges identified in 
the literature, many participants claimed that incorporating a social 
dimension into Open REUNICE could significantly enhance user 
engagement. They emphasized that features fostering collaboration, 
networking, and real-time interaction among researchers could 
encourage users to interact with the platform on a daily basis, making 
it a more integral part of their research workflow. Specifically, the 
entertainment functionalities, such as interactive chats, community 
forums, and working groups, can make users view engagement 
with the repository as a normal part of their daily activities. By 
incorporating these social features, the platform transforms from 
a simple repository to an interactive community hub, enhancing 
user experience and fostering a more engaged and collaborative 
user base. In this context, Sinha et al. [55] found that features like 
interactive chats and community forums create a sense of community 
among users, encouraging regular participation. This is particularly 
important for academic repositories, as increased engagement can 
lead to more frequent data sharing and collaboration. Additionally, a 
study by Kimmons and Veletsianos [56] highlighted that social and 
collaborative features in academic platforms lead to habitual use, as 
users begin to see the platform as an integral part of their academic 
workflow. This habitual use not only increases the frequency of data 
sharing but also enhances the overall user experience.

During the interviews, several participants proposed the integration 
of emerging technologies that they believed could address challenges 
identified in the literature or enhance the open science experience. 
For example, in the context of data reusability—a key aspect of the 
data management process—participants highlighted the potential of 

generative AI (GenAI). Given its rapid advancement and increasing 
utility in academic settings, some researchers suggested leveraging 
GenAI within Open REUNICE to automatically generate summaries 
and provide detailed insights into research publications. This 
functionality could streamline the understanding and dissemination of 
complex research, thereby promoting greater accessibility and usability 
of scientific outputs. In this context, a recent study by Hosseini et 
al. [57], highlighted the potential use of GenAI in open science. For 
instance, GenAI can simplify complex scientific concepts, eliminate 
technical jargon, and summarize findings, making research papers 
easier to understand for non-experts or researchers from different 
fields. Additionally, GenAI can help improve the identification and 
connection of diverse outputs, such as data and software, while 
enhancing their discoverability with more accurate metadata. The 
results of a recent survey about the use of GenAI by researchers 
showed that 29% from 3838 researchers are using ChatGPT for finding 
or summarizing research publications [58].

Furthermore, many participants highlighted the importance of 
incentives in open science and their potential to motivate researchers 
to share their research and data on the platform. Some participants 
emphasized the significance of including researchers’ contributions to 
open science activities in career assessments and personal development 
processes. This perspective aligns with the European Commission’s 
plans to incorporate open science activities into the research career 
evaluation system. It is also consistent with the viewpoints of several 
European universities and organizations, such as the European Open 
Science Cloud (EOSC), which recognize and value open science 
activities in research career assessments [48]. In this context, previous 
studies showed that researchers worried about the impact that open 
science practices could have on their career since in the traditional 
evaluation method, researchers are evaluated based on traditional 
journal metrics and only few incentives from a career perspective to 
fully commit open science [59]. Allen and Mehler [60] argued that if 
researchers’ contributions to open science, such as preregistrations, 
the publication of null findings, and the inclusion of DOIs for open 
code or data are not valued or considered in a scientist’s evaluation, 
then open science will struggle to establish a strong presence in the 
scientific community. However, different incentive systems should 
be implemented based on the research field, as some participants 
suggested, since not all research areas promote open access data. 
This result aligns with a previous study conducted by Toribio-Flórez 
et al. [61], which identified that certain open science principles, 
such as reproducibility, are more prevalent in specific research fields 
like human and social sciences. In contrast, fields such as artificial 
intelligence may emphasize promoting open access to data alongside 
incentive systems that support replication efforts. Since the attitudes 
of the institutions toward open science will inform the views of its 
staff, it is very important to align the institutional policies guiding 
user behavior to change the culture of sharing as highlighted by Davis 
et al. [49].

VI.	Conclusion, Implications, and Future Directions 

This study presents a newly developed open science platform Open 
REUNICE that harnesses the power of AI and blockchain technologies 
to promote and foster a culture of sharing and seamless collaboration 
among universities worldwide. The findings from the focus group 
discussions validated the hypothesis that leveraging AI and blockchain 
technologies enables researchers and institutions to share open 
science more efficiently and effectively. Participants highlighted that 
the platform addresses several key open science challenges frequently 
noted in the literature, including the automatic generation of 
metadata, overcoming legal barriers, and addressing social issues. For 
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instance, the platform’s ability to generate automatic metadata based 
on the publication text can significantly enhance the accuracy and 
relevance of the metadata, thereby improving content discoverability 
and retrieval. Additionally, by leveraging blockchain technology, 
the platform can help mitigate legal barriers related to intellectual 
property rights, fostering a safer environment for sharing research 
and innovative ideas. Furthermore, the platform’s social features, 
such as instant messaging, community building, and collaborative 
workspaces, can promote daily engagement and facilitate a culture of 
open collaboration among researchers. 

In addition to the proposed functionalities of the platform, the 
participants expressed their desire to add or modify certain features. 
They suggested incorporating more research databases, such as Scopus 
and institutional repositories, to gather publications. Additionally, the 
participants emphasized the importance of implementing an incentive 
or recognition system for open science activities that can be utilized 
for career assessments. Using incentives can significantly contribute 
to creating a robust open science culture by motivating researchers to 
engage more actively in open science practices.

The results of this study can be used to guide developers in 
refining and expanding platform features to better meet the needs 
of the research community, hence promoting the culture of sharing, 
such as implementing incentive systems. The results can also be used 
by institutions to develop open science policies to encourage the 
adoption of open science platforms based on the integration of AI and 
blockchain technologies to enhance research practices. Furthermore, 
the platform can serve as a model for international collaborations, 
demonstrating how technology can overcome common barriers in 
research sharing and intellectual property protection.

Despite the positive contribution of this study, it still has some 
limitations that should be acknowledged and further researched. 
For instance, the number of participants is limited. Additionally, all 
the participants were from Europe, which can affect sharing various 
culture perception, since researchers from different places in the world 
may have different perceptions towards technology based on their 
background and readiness. Finally, the platform collects data about 
researchers just from ResarchGate, which can limit the collection 
of data. Therefore, the future work will focus on overcoming the 
aforementioned limitations as well as focusing on combining AI 
and blockchain to overcome the limitations of each technology. For 
instance, the use of blockchain to overcome AI challenges, such as 
interpretability issues in AI models.

Funding

This study is funded by REUNICE project. REUNICE has received 
funding from the European Union’s Horizon 2020 Research and 
Innovation Programme under grant agreement No 101035813.

References

[1]	 UNESCO, “UNESCO Recommendation on Open Science,” UNESCO, 
2021. [Online]. Available: https://unesdoc.unesco.org/ark:/48223/
pf0000379949.locale=en. [Accessed: 23-Apr-2022].

[2]	 K. Armeni, L. Brinkman, R. Carlsson, A. Eerland, R. Fijten, R. Fondberg, 
... &, R. Zurita-Milla, “Towards wide-scale adoption of open science 
practices: The role of open science communities,” Science and Public 
Policy, vol. 48, no. 5, pp. 605-611, 2021.

[3]	 R. O. Wright, K. C. Makris, P. Natsiavas, T. Fennell, B. R. Rushing, and 
A. Wilson, “A long and winding road: culture change on data sharing 
in exposomics,” Exposome, vol. 4, no. 1, p. osae004, 2024, doi: 10.1093/
exposome/osae004.

[4]	 S. Leible, S. Schlager, M. Schubotz, and B. Gipp, “A review on blockchain 
technology and blockchain projects fostering open science,” Frontiers in 

Blockchain, vol. 16, 2019, doi: 10.3389/fbloc.2019.00016.
[5]	 B. Fecher and S. Friesike, “Open Science: One Term, Five Schools of 

Thought,” in Opening Science, Cham: Springer, pp. 17-47, 2014, doi: 
10.1007/978-3-319-00026-8_2.

[6]	 C. L. Borgman, “Big Data, Little Data, No Data: Scholarship in the 
Networked World, Cambridge,” MA: MIT Press, 2015, doi: 10.7551/
mitpress/9964.001.0001.

[7]	 C. Tenopir et al., “Changes in data sharing and data reuse practices and 
perceptions among scientists worldwide,” PLOS ONE, vol. 10, no. 8, p. 
e0134826, 2015, doi: 10.1371/journal.pone.0134826.

[8]	 V. L. Patel and T. G. Kannampallil, “Data Sharing in Healthcare: Ethical 
and Legal Challenges,” Journal of the American Medical Informatics 
Association, vol. 26, no. 4, pp. 403-408, 2019, doi: 10.1093/jamia/ocz038.

[9]	 K. Wang, “Opportunities in open science with AI,” Frontiers in Big Data, 
vol. 2, p. 26, 2019, doi: 10.3389/fdata.2019.00026.

[10]	 S. Tong, K. Mao, Z. Huang, Y. Zhao, and K. Peng, “Automating 
Psychological Hypothesis Generation with AI: Large Language Models 
Meet Causal Graph,” arXiv preprint, 2024, doi: 10.48550/arXiv.2402.14424.

[11]	 M. Denden, M. Abed, V. Holotescu, A. Tlili, C. Holotescu, and G. 
Grosseck, “Down to the rabbit hole: how gamification is integrated 
in blockchain systems? A systematic literature review,” International 
Journal of Human–Computer Interaction, pp. 1–15, 2023.

[12]	 R. Kumar et al., “Blockchain-based authentication and explainable AI 
for securing consumer IoT applications,” IEEE Transactions on Consumer 
Electronics, 2023, doi: 10.1109/TCE.2023.3287565.

[13]	 E. Karger, M. Jagals, and F. Ahlemann, “Blockchain for AI data—State 
of the art and open research,” in Proceedings of the 42nd International 
Conference on Information Systems (ICIS), Austin, TX, USA, pp. 12–15, 
Dec. 2021.

[14]	 M. D. Wilkinson et al., “The FAIR Guiding Principles for scientific data 
management and stewardship,” Scientific Data, vol. 3, no. 1, pp. 1–9, 2016, 
doi: 10.1038/sdata.2016.18.

[15]	 L. Zhou, “Patient-centered knowledge sharing in healthcare 
organizations—Identifying the external barriers,” Informatics 
for Health & Social Care, vol. 42, no. 4, pp. 409–420, 2017, doi: 
10.1080/17538157.2016.1269106.

[16]	 A. Zuiderwijk, M. Janssen, and K. Jeffery, “Towards an e-infrastructure 
to support the provision and use of open data,” in Conference for 
E-Democracy and Open Government, pp. 259, May 2013.

[17]	 B. G. Patra, K. Roberts, and H. Wu, “A content-based dataset 
recommendation system for researchers—a case study on Gene 
Expression Omnibus (GEO) repository,” Database, vol. 2020, p. baaa064, 
2020, doi: 10.1093/database/baaa064.

[18]	 T. Baker and L. Smith, “Educ-AI-tion rebooted? Exploring the future 
of artificial intelligence in schools and colleges,” Nesta, 2019. [Online]. 
Available: https://media.nesta.org.uk/documents/Future_of_AI_and_
education_v5_WEB.pdf.

[19]	 R. Ramachandran, K. Bugbee, and K. Murphy, “From open data to open 
science,” Earth and Space Science, vol. 8, no. 5, p. e2020EA001562, 2021, 
doi: 10.1029/2020EA001562.

[20]	 O. E. Gundersen, Y. Gil, and D. W. Aha, “On reproducible AI: Towards 
reproducible research, open science, and digital scholarship in AI 
publications,” AI Magazine, vol. 39, no. 3, pp. 56–68, 2018.

[21]	 E. A. Olivetti et al., “Data-driven materials research enabled by natural 
language processing and information extraction,” Applied Physics 
Reviews, vol. 7, no. 4, 2020.

[22]	 C. A. Bail, “Can Generative AI Improve Social Science?,”  Proceedings 
of the National Academy of Sciences, vol 121, no 21, e2314021121, 2024. 

[23]	 B. D. Mittelstadt, P. Allo, M. Taddeo, S. Wachter, and L. Floridi, “The 
ethics of algorithms: Mapping the debate,” Big Data & Society, vol. 3, no. 
2, p. 2053951716679679, 2016, doi: 10.1177/2053951716679679.

[24]	 H. F. Atlam, M. A. Azad, A. G. Alzahrani, and G. Wills, “A review of 
blockchain in Internet of Things and AI,” Big Data and Cognitive 
Computing, vol. 4, no. 4, p. 28, 2020, doi: 10.3390/bdcc4040028.

[25]	 Z. C. Lipton, “The mythos of model interpretability,” arXiv preprint, 2016. 
Available: arXiv:1606.03490.

[26]	 M. Nassar, K. Salah, M. H. ur Rehman, and D. Svetinovic, “Blockchain for 
explainable and trustworthy artificial intelligence,” Wiley Interdisciplinary 
Reviews: Data Mining and Knowledge Discovery, vol. 10, no. 1, p. e1340, 
2020, doi: 10.1002/widm.1340.

https://unesdoc.unesco.org/ark:/48223/pf0000379949.locale=en
https://unesdoc.unesco.org/ark:/48223/pf0000379949.locale=en
https://media.nesta.org.uk/documents/Future_of_AI_and_education_v5_WEB.pdf
https://media.nesta.org.uk/documents/Future_of_AI_and_education_v5_WEB.pdf


International Journal of Interactive Multimedia and Artificial Intelligence, Vol. 9, Nº2

- 112 -

[27]	 B. Mons et al., “Cloudy, increasingly FAIR; revisiting the FAIR Data 
guiding principles for the European Open Science Cloud,” Information 
Services & Use, vol. 37, no. 1, pp. 49–56, 2017, doi: 10.3233/ISU-170824.

[28]	 D. Amodei et al., “Concrete problems in AI safety,” arXiv preprint, 2016. 
Available: arXiv:1606.06565.

[29]	 R. Shinde, S. Patil, K. Kotecha, and K. Ruikar, “Blockchain for securing 
AI applications and open innovations,” Journal of Open Innovation: 
Technology, Market, and Complexity, vol. 7, no. 3, p. 189, 2021, doi: 
10.3390/joitmc7030189.

[30]	 A. M. Antonopoulos and G. Wood, Mastering Ethereum: Building Smart 
Contracts and DApps, Sebastopol, CA: O’Reilly Media, 2018.

[31]	 H. Anwar, “Blockchain vs. Distributed Ledger Technology,” 2019. 
[Online]. Available: https://bit.ly/2SFTRZ0.

[32]	 C. Furlanello, M. De Domenico, G. Jurman, and N. Bussola, “Towards 
a scientific blockchain framework for reproducible data analysis,” arXiv 
preprint, 2017. Available: arXiv:1707.06552.

[33]	 M. Dansinger, “Dear plagiarist: a letter to a peer reviewer who stole and 
published our manuscript as his own,” Annals of Internal Medicine, vol. 
166, no. 2, p. 143, 2017, doi: 10.7326/M16-2414.

[34]	 J. Belluz and S. Hoffman, “Science is often flawed: it’s time we embraced 
that,” 2015.

[35]	 I. Osgood, “Differentiated products, divided industries: firm preferences 
over trade liberalization,” Economics & Politics, vol. 28, no. 2, pp. 161–180, 
2016, doi: 10.1111/ecpo.12082.

[36]	 M. Barulli, F. Weigand, and P. Reboh, “Blockchain solutions for securing 
intellectual property assets and innovation processes,” Bernstein Product 
Deck, 2017. [Online]. Available: https://de.slideshare.net/mbarulli/1702-
bernstein-product-deck.

[37]	 T. D. Yates, “Enhancing healthcare information sharing with blockchain 
technology,” Open Science Journal, vol. 5, no. 2, 2020.

[38]	 A. Tlili et al., “Towards utilising emerging technologies to address the 
challenges of using Open Educational Resources: a vision of the future,” 
Educational Technology Research and Development, vol. 69, pp. 515–532, 
2021, doi: 10.1007/s11423-021-09993-3.

[39]	 M. Denden, “An open science strategy for EUNICE universities,” EUNICE 
European University, France, 2023. [Online]. Available: https://eunice-
university.eu/research/wp-content/uploads/sites/2/2022/09/REUNICE_
DELIVERABLE_3.1.pdf.

[40]	 P. Zhang, J. White, D. C. Schmidt, and G. Lenz, “Blockchain technology 
use cases in healthcare and research,” Advances in Computers, vol. 121, 
pp. 1–41, 2020, doi: 10.1016/bs.adcom.2020.05.001.

[41]	 R. Kumar, V. Sharma, and N. Aggarwal, “Blockchain-based frameworks 
for secure and trustworthy AI systems,” Journal of Emerging Technologies, 
vol. 7, no. 2, pp. 89–102, 2021.

[42]	 R. Campos, V. Mangaravite, A. Pasquali, A. M. Jorge, C. Nunes, and 
A. Jatowt, “YAKE! Keyword extraction from single documents using 
multiple local features,” Information Sciences, vol. 509, pp. 257–289, 2020, 
doi: 10.1016/j.ins.2019.09.013.

[43]	 T. B. Brown et al., “Language models are few-shot learners,” arXiv 
preprint arXiv:2005.14165, 2020. [Online]. Available: https://arxiv.org/
abs/2005.14165.

[44]	 D. Patterson et al., “Carbon emissions and large neural network training,” 
arXiv preprint arXiv:2104.10350, 2021. [Online]. Available: https://arxiv.
org/abs/2104.10350.

[45]	 Irwanto, Focused Group Discussion (FGD): Sebuah Pengantar Praktis, Yayasan 
Obor Indonesia, 2006. [Online]. Available: https://books.google.co.id/
books?id=aRvyDQAAQBAJ&printsec=frontcover&hl=id&source=gbs_
atb#v=onepage&q&f=false .

[46]	 W. Boateng, “Evaluating the efficacy of focus group discussion (FGD) in 
qualitative social research,” International Journal of Business and Social 
Science, vol. 3, no. 7, 2012.

[47]	 L. Casal-Otero et al., “AI literacy in K-12: a systematic literature review,” 
International Journal of STEM Education, vol. 10, no. 1, pp. 29, 2023, doi: 
10.1186/s40594-023-00371-x.

[48]	 European Commission, “Digital skills for FAIR and open science,” 
2021. [Online]. Available: https://www.ouvrirlascience.fr/wp-content/
uploads/2021/02/Digital-Skills-for-FAIR-and-Open-Science.pdf. 
Accessed on: Jun. 24, 2024

[49]	 H. C. Davis et al., “Bootstrapping a culture of sharing to facilitate open 
educational resources,” IEEE Transactions on Learning Technologies, vol. 3, 

no. 2, pp. 96–109, 2009, doi: 10.1109/TLT.2009.26.
[50]	 L. Lannom, D. Koureas, and A. R. Hardisty, “FAIR data and services in 

biodiversity science and geoscience,” Data Intelligence, vol. 2, no. 1–2, pp. 
122–130, 2020, doi: 10.1162/dint_a_00034.

[51]	 J. Leipzig, D. Nüst, C. T. Hoyt, K. Ram, and J. Greenberg, “The role of 
metadata in reproducible computational research,” Patterns, vol. 2, no. 9, 
2021, doi: 10.1016/j.patter.2021.100322.

[52]	 A. Tlili and D. Burgos, “Unleashing the power of open educational practices 
(OEP) through artificial intelligence (AI): where to begin?,” Interactive 
Learning Environments, pp. 1–8, 2022, doi: 10.1080/10494820.2022.2054603.

[53]	 D. Tapscott and A. Tapscott, Blockchain revolution: how the technology 
behind bitcoin is changing money, business, and the world, Penguin, 2016.

[54]	 Y. Zhang, X. Xu, A. Liu, Q. Lu, L. Xu, and F. Tao, “Blockchain-based 
trust mechanism for IoT-based smart manufacturing system,” IEEE 
Transactions on Computational Social Systems, vol. 6, no. 6, pp. 1386–1394, 
2019, doi: 10.1109/TCSS.2019.2956470.

[55]	 A. Sinha, M. M. TK, S. Subramanian, and B. Das, “Text segregation on 
asynchronous group chat,” Procedia Computer Science, vol. 171, pp. 1371–
1380, 2020, doi: 10.1016/j.procs.2020.04.147.

[56]	 R. Kimmons and G. Veletsianos, “Education scholars’ evolving uses of 
Twitter as a conference backchannel and social commentary platform,” 
British Journal of Educational Technology, vol. 47, no. 3, pp. 445–464, 2016, 
doi: 10.1111/bjet.12428.

[57]	 M. Hosseini, S. P. Horbach, K. Holmes, and T. Ross-Hellauer, “Open 
science at the generative AI turn: An exploratory analysis of challenges 
and opportunities,” 2024.

[58]	 L. Nordling, “How ChatGPT is transforming the postdoc experience,” 
Nature, vol. 622, no. 7983, pp. 655–657, 2023, doi: 10.1038/d41586-023-
03235-8.

[59]	 F. Schönbrodt, “Training students for the open science future,” Nature 
Human Behaviour, vol. 3, p. 1031, 2019, doi: 10.1038/s41562-019-0726-z.

[60]	 C. Allen and D. M. Mehler, “Open science challenges, benefits and tips in 
early career and beyond,” PLoS Biology, vol. 17, no. 5, p. e3000246, 2019, 
doi: 10.1371/journal.pbio.3000246.

[61]	 D. Toribio-Flórez et al., “Where do early career researchers stand on open 
science practices? A survey within the Max Planck Society,” Frontiers 
in Research Metrics and Analytics, vol. 5, p. 586992, 2021, doi: 10.3389/
frma.2020.586992.

Mouna Denden

Dr. Mouna Denden received her Ph.D. degree in computer 
science from the University of Sfax, Tunisia, in 2020. 
She is currently a post-doctoral fellow at Université 
Polytechnique Hauts-de-France (UPHF). She has published 
several academic papers in refereed international journals 
and conferences. Ms. Denden has been a member of the 
local organizing committee and program committees of 

various international conferences, as well as a reviewer in several peer-reviewed 
journals. Her current research focuses on educational gamification, educational 
games, distance learning, learner modeling, adaptive learning, machine 
learning, human-computer-interactions, educational psychology, open science, 
artificial intelligence in education and learning analytics.

Mourad Abedn

Prof. Mourad Abed is full Professor in Computer science 
at the LAMIH UMR CNRS 8201 research lab of the 
Université Polytechique Hauts-de-France (France). He 
is Vice-President of Digital technology, Pedagogical 
Innovation and Strategic and Partnership Projects and the 
“InnovENT-E Institute” foundation: it aims to support 
SMEs and SMIs in innovation and internationally. His 

research activities focus mainly on topics related to knowledge engineering 
for personalization and information retrieval, design and evaluation of systems 
in the field of human-machine interaction, social network analysis, semantic 
modeling and interactive application generation, and design of socially 
responsible logistic networks. Prof. Abed has graduated over 25 PhD students & 
HDR and is author and co-author of more than 190 peer reviewed publications 
in international journals, books, book chapters and conference proceedings. He 
participates in several research networks, projects, and associations.

https://bit.ly/2SFTRZ0
https://eunice-university.eu/research/wp-content/uploads/sites/2/2022/09/REUNICE_DELIVERABLE_3.1.pdf
https://eunice-university.eu/research/wp-content/uploads/sites/2/2022/09/REUNICE_DELIVERABLE_3.1.pdf
https://eunice-university.eu/research/wp-content/uploads/sites/2/2022/09/REUNICE_DELIVERABLE_3.1.pdf
https://arxiv.org/abs/2005.14165
https://arxiv.org/abs/2005.14165
https://arxiv.org/abs/2104.10350
https://arxiv.org/abs/2104.10350
https://www.ouvrirlascience.fr/wp-content/uploads/2021/02/Digital-Skills-for-FAIR-and-Open-Science.pdf
https://www.ouvrirlascience.fr/wp-content/uploads/2021/02/Digital-Skills-for-FAIR-and-Open-Science.pdf

