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Abstract. This study investigates the impact of artificial intelligence awareness (AIA) on
employees' job engagement (EJE) in the hotel industry, focusing on the mediating role of
job insecurity (JI) and the moderating role of technical self-efficacy (TSE). Drawing on the
Expectancy theory and Affective Events theory, the study proposes a mediated moderation
model and tests it using PLS-SEM on a sample of 390 full-time employees from five-star
hotels in Egypt. The results confirm that AIA negatively influences EJE and positively
influences JI, while JI negatively influences EJE and mediates the AIA—EIJE relationship.
Furthermore, TSE negatively moderates the AIA—JI relationship, mitigating the negative
impact of AIA on JI. The findings highlight the importance of addressing employees' Al-
related concerns and leveraging their technical self-efficacy to maintain job engagement and
security in the face of technological disruptions. The study contributes to the literature by
extending the application of the Expectancy theory and Affective Events theory to the
context of Al adoption in the hotel industry and offers practical implications for hotel
managers and HR professionals.
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1. Introduction

Artificial intelligence (AI) adoption is crucial in the digital age, offering opportunities and challenges
to industries like hospitality. It's essential for transforming innovation into a global economy and
improving living standards (Limna et al., 2021). The hospitality industry is facing a competitive
landscape with new technologies, high customer expectations, innovation, and rising costs (Al-
Romeedy & Khairy, 2024; Velwin et al., 2024). The hospitality and tourism industry is leveraging
advanced technologies like artificial intelligence and robotics to improve customer service and
experience, ensuring the survival of businesses in the changing environment (Al-Romeedy, 2024;
Gaafar & Al-Romeedy, 2024).

The hospitality and tourism industry is rapidly adopting Al, with 20% of transportation firms
adopting Al technologies in 2016, and 12% of other businesses (e.g. hospitality and entertainment) at
a 6.5% annual growth rate (McKinsey Global Institute, 2017). This service-oriented sector uses
marketing, service delivery, and communication to empower intelligent decision-making and ensure
seamless interoperability for stakeholders (Buhalis, 2019). Smart technology in hospitality enhances
consumer experience, improves operations, and enhances productivity (Buhalis and Sinarta, 2019).
Service automation impacts consumer choices and actions, while smartness builds strong networks
and interconnects all members (Jabeen et al., 2022).

However, the hospitality industry faces challenges in balancing digital and human interactions
despite the widespread adoption of technology (Limna, 2023). Some traditional jobs may be lost due
to Al integration (Presbitero and Teng-Calleja, 2023). McKinsey Global Institute predicts that 800
million jobs could be restructured and lost by 2030 (Presbitero and Teng-Calleja, 2023). The
increasing number of robots in the workforce is causing a decrease in employment to population ratio
and wages, necessitating the emergence of new jobs requiring new competencies for effective
adaptation (Acemoglou and Restepo, 2020). Moreover, Al can outperform humans in complex jobs
through deep learning (Christou et al., 2020). Al can perform many jobs, and Al may replace
positions in the hospitality industry (Kong et al., 2021). Smart hotels, such as Henn-na Hotel in Japan
and Alibaba Future Hotel in China, have already been established (Northfield, 2015). Furthermore, Al
is revolutionizing hotel operations and introducing reforms (McCartney and McCartney, 2020).
However, experts predict Al will displace jobs by 2025, potentially leading to unemployment and
social order disruptions (Anderson and Smith, 2014). The integration of robots may alter job
boundaries, occupations, and organizations, potentially affecting employee career patterns (Acemoglu
and Restrepo, 2020). Additionally, Al may disrupt person-organizational fit (Xu et al., 2020), leading
to employee disengagement.

On the other hand, individual characteristics, such as technical self-efficacy, play a crucial role in
influencing attitudes and behaviors toward work events and new technologies (Chang et al., 2024).
Technical self-efficacy is a crucial individual trait that indicates a person's confidence and ability to
perform specific technical tasks (Compeau & Higgins, 1995). This self-efficacy significantly
influences the acceptance of new technologies, with limited research on Al technology contexts (Cao
et al., 2022). It may indirectly affect Al adoption intention through emotional experiences (Chang et
al., 2024).

Despite the significant role of Al and robotics in the hospitality sector, there is a lack of research
on their use (Khaliq et al., 2022). Researchers asserted the importance of addressing concerns about
employee behavior toward smart technology introduction (Gonzalez et al., 2020; Ali et al., 2019). In
addition, previous studies show inconsistencies in technostress's effects on employees, with some
suggesting positive outcomes like increased productivity and innovation, while others suggest
negative emotions may reduce technology adoption intention or resistance (Saleem et al., 2021;
Salanova et al., 2023; Feng et al., 2019). Furthermore, research indicates that individuals' responses to
technology vary significantly (Yu et al., 2023), influenced by positive and negative emotions, making
understanding emotional responses to technology crucial (Agogo & Hess, 2018).
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Therefore, the study utilizes Expectancy and Affective Events theories to analyze Al adoption and
job engagement, highlighting their importance in comprehending employees' cognitive and emotional
responses to technological disruptions. Specifically, the current study investigates the impact of Al
awareness on hotel employees' job engagement, focusing on job insecurity as a mediator in the
AIA—EJE relationship and the moderating role of technical self-efficacy in the AIA—EIJE
relationship. The study offers valuable insights into the human side of Al adoption in the hotel
industry and paves the way for further research on the strategies and interventions that can help
employees and organizations thrive in the era of technological transformation. By addressing
employees' concerns, leveraging their strengths, and creating a culture of learning and innovation,
hotels can harness the benefits of Al while maintaining a motivated and engaged workforce.

2. Literature Review and Hypotheses Development

2.1. Artificial Intelligence Awareness and Employees’ Job Engagement

The Fourth Industrial Revolution has introduced advanced technologies like artificial intelligence (Al),
which automate production processes and reduce costs (Hofmann and Riisch, 2017; Brougham and
Haar, 2018; Bowen and Morosan, 2018). Al is revolutionizing various business sectors, including the
hospitality industry (Almada-Lobo, 2015). The information and communication technology revolution
has revolutionized the hospitality and tourism industry, introducing smart technologies like Al
(Dorcic et al., 2019).

Job engagement is defined as “a positive, fulfilling, work-related state of mind, and it could be
characterized by vigor, dedication, and absorption” (Schaufeli et al., 2002, p.72). Employee
engagement in work is influenced by self-reliance and trust in management (Engelbrecht et al., 2017;
Khairy et al., 2023a, 2023b, 2023c). Artificial intelligence (Al) presents new challenges that require
effective identification and management to maximize its benefits and minimize its drawbacks (Abedin,
2022). Lacity and Willcocks (2018) highlight that AL including robotics and cognitive automation;
can be perceived negatively in organizations when employees lack knowledge about its impact on
their jobs and careers. Organizations should prioritize employee job engagement to mitigate stress
caused by excessive work demands, such as Al adoption, and ensure that technology is used
effectively to improve organizational outcomes (Saxena and Mishra, 2023). Therefore, the following
hypothesis is formulated:

H1: Artificial Intelligence Awareness negatively influences employees’ job engagement.

2.2. Artificial Intelligence Awareness and Job Insecurity

Job insecurity is the perception of a future threat to an employee's position within an organization
(Kuhnert and Palmer, 1991). Perceived job security refers to an employee's expectation of
employment stability and continuity within an organization, with low levels being a major stressor in
contemporary work life (Altinay et al., 2019). Job security is a psychological contract where
employees feel recognized for their efforts and dedication (Wong et al., 2019). Organizations strive to
provide stable employment, but job insecurity can lead to decreased commitment and decreased
employee performance as they are more disengaged in the workplace (Altinay et al., 2019). Job
security is crucial in the era of Al as it can replace some human jobs and pose threats to the
workforce (Bhargava et al., 2021; Prentice et al., 2023). Employees worldwide are concerned about
job security due to the implementation of technologies, leading to job insecurity (Nam, 2019;
Bhargava et al., 2021). The introduction of Al is viewed negatively, as leaders fear job loss, while job
elimination is a major consequence (Ivanov, 2017; Davenport and Ronanki 2018). The increasing
significance of robotics is predicted to lead to the replacement of 25% of the hospitality workforce by
2030 (Khaliq et al., 2022). This fear stems from perceived threats to job continuity (Frank et al., 2017).
Al misuse can lead to technology misuse, tension, and counterproductive behaviors, affecting job
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engagement and organizational performance (Abedin, 2022; Fu et al., 2022). Therefore, the following
hypothesis is formulated:
H2: Artificial intelligence awareness increases job insecurity.

2.3. Job insecurity as a mediator

Job insecurity can lead to individuals questioning their competence and capabilities, leading them to
seek other career opportunities in secure, competent workplaces (Van den Broeck et al., 2014) as a
result of lower levels of engagement at work. Job insecurity also impacts career exploration behavior,
leading to employee turnover, lower organizational commitment, and higher intention to leave (Lee
and Jeong, 2017). This research suggests that job insecurity mediates the relationship between the
perception of Al taking over jobs and employee job engagement. In addition, personal experiences,
such as uncertainty and job insecurity, can significantly impact an employee's career choices and job
engagement, particularly in the face of workplace threats like Al integration (Presbitero and Teng-
Calleja, 2023).

The expectancy theory is a motivational theory that suggests individuals choose specific
behaviors based on their expectations of the expected results (Vroom, 1964). Motivation is a product
of an individual's expectancy that their effort will lead to the desired performance, the instrumentality
of this performance to achieve a certain result, and the desirability of this result (Hung et al., 2015).
According to the Expectancy theory concept, hotel employees should not feel valued or secure when
Al adoption results in multiple roles not assigned to them. Hotel employees perceive increased
responsibilities as highly valued by the company, leading to better job performance and recognition
(Swailes and Blackburn, 2016). The company's downsizing plans due to Al adoption may lead to job
insecurity among employees, reducing their engagement. Job insecurity may mediate the relationship
between employees' perceived threat of Al taking their jobs and their lower job engagement levels.
Therefore, the following hypotheses are formulated:

H3: Job Insecurity negatively influences Employees’ Job Engagement.

H4: Job Insecurity mediates the relationship between artificial intelligence awareness and
employees’ job engagement.

2.4. Employees’ technical self-efficacy as a moderator
Technical self-efficacy, an individual's judgment of their technology skills, significantly influences
their emotional responses to Al-related stressors, according to the AET (Compeau & Higgins,
1995).” Affect is a crucial mechanism that links events to attitudes and behaviors (Li et al., 2020). This
study employs Affective Events Theory (AET) to delve into the intricate interplay between emotions,
attitudes, and behaviors in work situations. Individual characteristics, as per the AET, significantly
influence the connection between work events and emotional responses, thus influencing attitudes and
behaviors (Lazarus, 1991). The study highlights the importance of technical self-efficacy, a crucial
individual trait that signifies a person's confidence and ability to perform specific technical tasks.
Higher technical self-efficacy employees can adapt to new Al technological changes, leading to more
positive emotional experiences (Chang et al., 2024). Individuals with increased confidence in learning
new technologies and completing work tasks can transform challenges into opportunities for personal
growth and personal value (Kim Y Lee, 2021). Employees with poor technical self-efficacy, on the
other hand, feel less capable and require more confidence when faced with challenges (Compeau &
Higgins, 1995). Stressors related to technology are seen as challenges that can be overcome by people
with higher technical self-efficacy, which lessens negative emotions like Al anxiety (Wang & Wang,
2022). In contrast, personnel with weaker technical self-efficacy perceive barrier technology stresses
as beyond their control, leading to negative emotions (Lazarus, 1991; Chang et al., 2024). Therefore,
the following hypothesis is formulated:

H5: Employees' technical self-efficacy moderates the relationship between artificial intelligence
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awareness and job insecurity.

The conceptual framework and hypotheses are presented in Figure (1) below.

Job insecurity

Technical self-efficacy / \

Al awareness HI Job engagement

Fig. 1: Conceptual framework of the study.
3. Research Methodology

3.1. Measures and Instrument Development

The study will use a quantitative research design to explore the interconnectedness between artificial
intelligence awareness, job insecurity, and employee engagement in the hotel sector. Quantitative
research uses numerical data to explain phenomena, analyzing it using mathematical methods like
statistics. It deals with numbers, logic, and an objective stance, focusing on specific, narrow questions
and collecting data from participants (Creswell & Creswell, 2017). This research method is
positivistic, objective, scientific, and experimental, and used for highly structured research designs. It
requires an objective researcher who is not influenced by their observations or biases and can break
down complex phenomena into numerical values (Mohajan, 2020). The study utilized a survey
methodology, divided into two sections, one focusing on latent variables and the other on the research
sample's characteristics.

The study utilized a validated questionnaire and literature-based constructs to ensure the
instrument's quality validity and reliability. The study utilized four items from a scale developed by
Brougham and Haar (2018) to measure Al awareness. For example, “I am personally worried about
my future in my organization due to Al replacing employees” and “I am personally worried that what
I do now in my job will be able to be replaced by AI”. In addition, the study employed five items
from Jung et al. (2021) to measure job engagement. For instance, “I am enthusiastic about my job”
and “At my work, I feel bursting with energy”. Moreover, the study utilized an 8-item scale adapted
from Karatepe (2022) to assess job insecurity. For example, “I fear that I might lose my job” and “I
feel uncertain about the future of my job”. Furthermore, the study utilized a 3-item scale adapted from
Turja (2019) to assess employees’ technical self-efficacy. Sample items include: “I’m confident in my
ability to learn how to use Al technique if they were to become part of my work™ and “I’m confident
in my ability to learn how to use Al technique if I were provided the necessary training”. The entire
scale items were included in Appendix A.

A panel of experts in the same field revised the survey, confirming the validity of all scales used
in the study. Then, the survey was piloted to 30 hotel employees to assess its content and ensure its
readability. The questionnaire was initially created in English, and then translated into Arabic by a
bilingual expert, and then back into English by another bilingual expert. The English translations of
previous and later versions were thoroughly reviewed to ensure consistency in their content. There
was a match between the two versions. The questionnaire was distributed in Arabic to ensure accurate
phrase interpretation and maximize responses.
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3.2. Sample and data collection

This study surveyed full-time employees at five-star hotels in Egypt's Greater Cairo region. These
businesses, a dominant player in Egypt's hospitality industry (Alshehri et al., 2024; Al-Romeedy &
Khairy, 2024; Khairy et al., 2024), are leveraging Al technologies to enhance operations and gain a
competitive edge. In addition, Al adoption in these enterprises is a significant concern due to their
high investment and employment levels. The Egyptian Ministry of Tourism and Antiquities reported
in 2022 that there are 30 five-star hotels in the Greater Cairo area. The survey was distributed after
obtaining permission from the HR managers of investigated enterprises; data was collected in January
and March 2024 from employees voluntarily, with self-report convenience sampling used. The study
utilized the convenience sample approach due to its practicality in dealing with a large population and
limited resources. The self-report methodology offers valuable insights into people's feelings and
perceptions of their jobs. It is a simple first step in studying various aspects of organizational behavior,
such as job engagement, job insecurity, and organizational practices "i.e.g. Al adoption". While not
considered inferior, self-report studies have provided valuable data on many organizational behavior
questions (Spector, 1994). Following Donaldson et al. (2002) advice, participants were asked at the
survey's end if they were concerned about their responses potentially jeopardizing their employment
and could be excluded later. Out of 600 questionnaires distributed to 25 enterprises, 390 were
collected, representing a 65% effective response rate, for analysis. The study's final analysis requires a
minimum sample size of 170 respondents, as per Hair et al. (2010) guidelines, due to the 17 items to
be considered.

3.3. Data Analysis

PLS is a method utilized when theory is insufficiently supported and the researcher primarily predicts
the dependent variable. Therefore, the study utilized PLS-SEM, a widely used analytical technique in
tourism research (El-Sherbeeny et al., 2023; Alshehri et al., 2024; Alghamdi et al., 2024; Khairy &
Elzek, 2024), to evaluate the research hypotheses using WarpPLS 7.0 statistical software.

4. Results

4.1. Sample characteristics

Out of 390 employees involved in the study, 240 (61.5%) were male, and 150 (38.5%) females. The
study involved 117 (30%) employees aged 18-45, 175 (44.9%) aged 30-45, and 98 (25.1%) over 45,
with 288 (73.8%) having a bachelor's degree. Participants were required to have at least two years of
work experience.

4.2. Measurement model assessment

The confirmatory factor analysis tested a four-factor model of Al awareness (AIA), employee job
engagement (EJE), job insecurity (JI), and Technical self-efficacy (TSE) meeting all criteria
suggested by Kock (2021) as presented in Table (1) below.
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Table 1. Quality and model fit indices

Results Criteria

APC =0.232, P<0.001 P<0.05
ARS =0.171, P<0.001 P<0.05
AARS =0.166, P<0.001 P<0.05

AVIF =1.316

< 5 1s fine, but < 3.3 1s better

AFVIF =1.408 < 5 1s fine, but < 3.3 is better
GoF =0.352 Small > 0.1, medium > 0.25, large > 0.36
SPR =1.000 >0.75 1s fine, but = 1 1s better
RSCR =1.000 > 0.9 1s fine, but = 1 is better
SSR =1.000 > 0.7 is fine

NLBCDR =0.750

>0.7 1s fine

ratio; NLBCDR Nonlinear bivariate causality direction ratio”

“APC: Average path coefficient; ARS: Average R-squared; AARS: Average adjusted R-squared; AVIF: Average block VIF, AFVIF: Average
full collinearity VIF; GoF: Tenenhaus GoF ; SPR: Sympson's paradox ratio; RSCR: R-squared contribution ratio; SSR: Statistical suppression

According to Table (1), the model's fit was analyzed using the ten fit indices suggested by Kock
(2021): APC “P<0.05”, ARS “P<0.05”, AARS “P<0.05”, AVIF “acceptable if <5, ideally <3.3”,

AFVIF “acceptable if <5, ideally <3.3”, GoF “small

>0.1, medium >0.25, large > 0.36”, SPR

“acceptable if > 0.7, ideally =1, RSCR “acceptable if > 0.9, ideally = 17, SSR “acceptable if >0.7”,
and NLBCDR “acceptable if >0.7”. The proposed four-factor model provided well-fitted data
“APC=0.232, P<0.001; ARS=0.171, P<0.001; AARS=0.166, P<0.001; AVIF=1.316; AFVIF=1.408;
GoF=0.352; SPR=1.000; RSCR=1.000; SSR=1.000; and NLBCDR=0.750".

Table 2 demonstrates that all constructs have composite reliability ratings >0.70, validity confirmed
by significant loadings >0.50 with p<0.05, and are free of common method bias (VIF of <3.3).

Table 2. Item loadings, Cronbach alpha, CR, AVE, and VIFs

Construct Indicators | Loading | CR CA AVE VIF
Al awareness (AIA) ATA.1 | 0.637
AIA.2 | 0.817
AIA3 10833 0.866 0.792 | 0.621 1.894
AIA 4 0.848
Employee job engagement (EJE) EJE.1 ]0.758
EJE.2 0.663
EJE.3 0.838 0.893 0.848 | 0.626 1.080
EJE.4 0.835
EJE.5 0.848
Job insecurity (JI) JIL1 0.838
JIL.2 0.818
JL3 0.829
JL4 0.826
115 0.816 0.938 0.924 | 0.655 1.191
JL6 0.808
JL7 0.761
JI.8 0.774
Technical self-efficacy (TSE) TSE.1 0.632 0.801 | 0.730 1.806
TSE.2 | 0.953 0.887
TSE.3 ] 0.940
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The research model's discriminant validity is confirmed by the AVE value exceeding the
maximum common value and a significant correlation across latent variables (see Table 3). The
validity of the constructs was also confirmed by calculating the HTMT, as illustrated in Table 4.

Table 3. Discriminant validity results

EJE AIA TSE J
Employee job engagement (EJE) 0.791 -0.268 -0.143 -0.110
Al awareness (AIA) -0.268 0.788 0.632 0.340
Technical self-efficacy (TSE) -0.143 0.632 0.854 0.364
Job insecurity (JI) -0.110 0.340 0.364 0.809

Table 4. HTMT for validity

HTMT ratios AIA EJE JI
Employee job engagement (EJE)

Al awareness (AIA) 0.323

Technical self-efficacy (TSE) 0.216 0.851

Job insecurity (JI) 0.125 0.397 0.424
One-tailed P values AIA EJE JI
Employee job engagement (EJE)

Al awareness (AIA) <0.001

Technical self-efficacy (TSE) <0.001 0.001

Job insecurity (JI) <0.001 <0.001 <0.001
“HTMT ratios (good if < 0.90, best if < 0.85), P values (one-tailed) for HTMT ratios (good if < 0.05)”

4.3. Structural model testing and hypothesis testing

The data presented in Figure (2) and Table (4) indicates that Al awareness (AIA) has a negative weak
impact on employee job engagement (EJE) (=-0.28, P<0.01), with increased AIA value resulting in
decreased EJE, confirming H1. In addition, Al awareness (AIA) has a positive medium impact on job
insecurity (JI) (f=0.40, P<0.01), suggesting that high AIA levels lead to higher JI, confirming H2.
Furthermore, JI has a negative weak impact on EJE (p=-0.21, P=0.01), suggesting that high JI levels
lead to lower EJE, confirming H3. Moreover, technical self-efficacy (TSE) negatively moderates the
AIA—EIJE relationship (f=-0.31, P<0.01), it mitigates the negative relationship between AIA and JI,
supporting HS. Figure (2) also shows that AIA significantly interpreted 16% of the variance in JI
(R2=0.16). Also, AIA and JI significantly interpreted 22% of the variance in EJE (R2=0.22).

R2=0.16

Job insecurity

Ve =0.40, P<0.01 B=-0.21, P=0.01
VM\’ ., b o B=008, _____
/ T P=0.04 RN R2=0.22
Al awareness =-0.28, P<0.01 Job engagement

Fig. 2: the final model of the study.
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Table 5. Effect size and confidence intervals

Hs | Relationship Direct Sig. t-value Confidence Decision
effect (B) intervals
H1 | AIA—FEJE. -0.28 P<0.0 5839 -0.380, -0.189 Supported
) .
H2 | AI4—JI 0.40 P<0.0 4577 0.129, 0.321 Supported
) .
H3 | JI> EJE -0.21 P<0.0 -0.209, -0.013 Supported
) -2.222
HS5 | TSE*AIA —JI -0.31 P<0.0 6.366 -0.405, -0.214 Supported
1 .

Finally, the study confirms that job insecurity significantly mediates the relationship between Al
awareness and employee job engagement, with a "95%bootstrapped confidence interval". The study
utilizes the mediation analysis method developed by Preacher and Hayes (2008). The bootstrapping
analysis indicates that the indirect effect p=-0.084 (0.400%-0.210) was significant (P=0.04) with a t-
value of -2.710 (see Table 6). The indirect effect of -0.084, "95% bootstrapped confidence interval"
(LL=-0.145, UL=-0.023), the values do not intersect at a zero, confirming mediation (H4 is therefore
supported).

Table 6. Mediation analysis’ Bootstrapped Confidence Interval

Path a Path b Indirect SE | t-value Bootstrapped Decision
ATA—]T JI-EJE Effect Confidence Interval

95%LL | 95% UL

AIA—JI-EJE Mediation
0.400 -0.210 -0.084 | 0.031 | -2.710 -0.145 -0.023

5. Discussion

The study investigates the impact of artificial intelligence awareness on job engagement in hotel
enterprises, focusing on the mediating role of job insecurity in the AIA—EJE relationship and the
moderating role of technical self-efficacy in the AIA—EJE relationship. The study found that
artificial intelligence awareness negatively influences employees’ job engagement, aligning with
previous research by Lacity and Willcocks (2018) and Saxena and Mishra (2023) who argued that Al
can be perceived negatively in organizations, impacting jobs and careers. Li et al. (2019) argued that,
for example, the introduction of AI lodging systems in the workplace may negatively impact
employee relationships, productivity, and cost reduction, potentially leading to a negative perception
of workplace belonging and dedication, potentially causing alternative career choices. In addition,
tourism and hospitality businesses are concerned about the risks and security of Al and robotic
systems due to their accessibility and consistency, as well as the potential for worker safety and
mental health deterioration (Limna, 2023).

The study also indicates that artificial intelligence awareness increases job insecurity, aligning
with previous research by Abedin (2022) and Fu et al. (2022) who argued that Al can cause tension
and counterproductive behaviors, impacting job engagement and organizational performance. The
perceived threat of Al taking over jobs can lead to low self-efficacy and job insecurity among
employees. This insecurity is influenced by the perceived efficiency of Al in handling tasks, with
higher perceived threats causing greater job insecurity (Presbitero and Teng-Calleja, 2023).

530




Hassan et al., Journal of Logistics, Informatics and Service, Vol. 11 (2024), No 5, pp 522-539

In addition, the study found that job insecurity negatively influences employees’ job engagement and
mediates the relationship between artificial intelligence awareness and employees’ job engagement,
aligning with previous research findings of Presbitero and Teng-Calleja (2023) who claimed that
uncertainty and job insecurity can significantly influence an employee's career choices and
engagement, especially in the face of workplace threats like Al integration. Hotel employees'
awareness of Al and robotics significantly influences their turnover intention, particularly in lower-
skilled positions, who are aware of the high risks of Al replacement (Li et al., 2019). Koo et al. (2021)
added that Al's potential to mimic human thought processes could threaten human jobs in the hotel
industry. Housekeeping and maintenance jobs are expected to be automated for operational efficiency,
staffing costs, and customer experience improvement. Other roles like front desk and concierge may
share tasks with AL.”

Lastly, the study found that employees’ technical self-efficacy moderates the relationship between
artificial intelligence awareness and job insecurity, aligning with previous research findings of Chang
et al. (2024) who claimed that Technical self-efficacy influences the impact of technology stressors on
affective reactions and Al adoption through Al anxiety. General self-efficacy refers to individuals'
belief in their ability to handle challenging situations (Bandura, 1986), while specific self-efficacy
measures confidence in specific tasks or contexts. Technology-specific self-efficacy is correlated with
interest in technology, suggesting that employees with self-efficacy are more likely to adopt new
environments during organizational changes (Turja et al., 2019).

To sum up, the findings support the Expectancy and Affective Events theories employed to
examine Al adoption and job engagement, emphasizing the significance of understanding employees'
cognitive and emotional responses to technological disruptions. The study findings also emphasize the
need for hotel managers and HR professionals to address employees' concerns about Al job security,
skill development, and a supportive organizational culture.

6. Conclusion and Implications

The study explores how artificial intelligence awareness influences employees’ job engagement in
hotel enterprises, focusing on job insecurity as a mediating impact and the moderating role of
technical self-efficacy on the AIA—EJE relationship. This study demonstrates that artificial
intelligence awareness stimulates the feeling of insecurity among hotel employees. The study is a
pioneering exploration of this research model in an emerging economy, specifically Egypt. In addition,
this study broadens the Expectancy theory that is used as a theoretical foundation of this study. The
Expectancy theory was used to suggest that hotel employees should not feel valued or secure when Al
adoption leads to multiple roles not being assigned to them. The study also expands the application of
the Affective Events Theory to the study of Al technology adoption. In other words, it extends the
application of the Expectancy theory and Affective Events theory to the study of Al adoption and job
engagement, demonstrating the relevance of these frameworks for understanding employees' cognitive
and affective responses to technological disruptions. The study explores how challenging technology
stressors, including job insecurity, impact Al adoption and employee engagement through
psychological mechanisms, providing valuable insights into existing literature. Moreover, this study
highlights the significant impact of Al awareness on job insecurity and employee engagement,
enhancing human resource management research by highlighting the technology's influence on the
workplace environment.

The current study provides practical implications for hotel managers and HR professionals. It

531



Hassan et al., Journal of Logistics, Informatics and Service, Vol. 11 (2024), No 5, pp 522-539

suggests strategies to mitigate the negative impact of Al on job engagement and utilize technical self-
efficacy for employee adaptation and performance. The study highlights the importance of
considering Al awareness, job engagement, and job insecurity in hotel human resource practices to
enhance employee performance. It also highlights the importance of investing in employee training
and development to enhance their confidence and adaptability in the face of technological changes.
Hotel management should balance Al investments with employee training to ensure security and trust,
while also enhancing performance. In addition, job insecurity is a significant factor in the application
of Al technologies in organizations. Al can only replace low-level human jobs, so hotel management
should identify tasks that can be performed by Al or Al-powered bots. For jobs that can be replaced,
hotel management should explore new opportunities, provide skill training, and invest in employee
satisfaction, commitment, and engagement. This will help maximize efficiency and business
profitability. Furthermore, hotel managers should encourage employees to collaborate with Al to
enhance career outcomes by transitioning from routine tasks to subjective, emotional work,
potentially enhancing adaptability and lifelong learning abilities. Furthermore, hotel organizations
should tailor training programs to individual employees' skill levels, enhancing technical self-efficacy,
Al awareness, job engagement, and technological transformation, ultimately boosting innovation.
Lastly, the study underscores the need for hotel managers and HR professionals to proactively address
employees' concerns about Al and job security, provide opportunities for skill development and career
growth, and foster a supportive organizational culture that values employee well-being and
engagement.

7. Limitations and Further Research

The study has some limitations that should be acknowledged and addressed in future research. The
cross-sectional design and self-report data may not fully capture the dynamic and long-term effects of
Al adoption on employee attitudes and behaviors. Future studies could employ longitudinal or
experimental designs to establish causal relationships and control for potential biases. Additionally,
the focus on five-star hotels in a single region may limit the generalizability of the findings to other
hotel categories or cultural contexts. Comparative studies in different cultural and organizational
contexts across different hotel types and countries could provide a more comprehensive understanding
of the boundary conditions and variations in the relationships examined. Future research should also
consider examining other mediators like job stress and trust in leadership, reducing social desirability
bias, exploring additional career-related factors influenced by Al, and exploring other moderators
such as trust in artificial intelligence and employee readiness for change.
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Appendix (A): Scale Items

Al awareness

AIA.1. I am personally worried about my future in my industry due to Al replacing employees.

AIA.2. T am personally worried about my future in my organization due to Al replacing
employees.

AIA.3. I am personally worried that what I do now in my job will be able to be replaced by Al

AIA.4. 1 think Al could replace my job.

Employee Job engagement
EJE.1. I find the work that I do full of meaning and purpose

EJE.2. I am enthusiastic about my job

EJE.3. My job inspires me

EJE.4. At my work, I feel bursting with energy
EJE.5. I get carried away when I am working.

Job insecurity (JI)

JI.1. My concern is the rise in my salary.

JI.2. I worry that I may soon be required to work in a different location or department.
JI.3. My workload is probably going to get heavier in the future.

JI.4. I do not feel secure about the potential scope of my job

JL.5. I believe the future will see a decline in the interest of my work.

JL.6. I'm concerned that I could have a different boss in the future.

JL.7. I'm not certain who coworkers I'll be working within the near future.

J1.8. I do not feel secure about my prospects for advancement in my job.

Technical Self-Efficacy

TSE.1. I’'m confident in my ability to learn how to use care Al techniques if they were to
become part of my unit.

TSE.2. I believe that it would be easy for me to learn how to use the Al technique that may be
used in home care in the future.

TSE.3. I’'m confident in my ability to learn simple programming of Al techniques if I were
provided the necessary training.
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